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Abstract: A sharp increase in the number of immigrants in South Africa has raised questions about 
the impact of immigration on the labour market. Whether or not immigrants can speak English—
the primary language of business in South Africa—may affect their labour market success. This 
study uses the 2011 South African Census data and finds that immigrants are more successful than 
locals in South Africa. Immigrants’ success is partially attributed to the advantage gained from 
speaking English as a second language, whereas speaking English as a second language is less 
valued by the labour market for locals. Individuals who speak English are more active and more 
likely to obtain employment and earn higher wages than non-English speakers. The study finally 
shows that, although female immigrants benefit more from the ability to speak English, male 
immigrants are more successful overall in South Africa’s labour market. 
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1 Introduction 

Recent estimates of immigration by the United Nations indicate that immigration has increased 
worldwide (United Nations 2018). The scale of immigration to South Africa has also increased 
substantially in the post-apartheid period. This was to be expected as the immigration policies were 
stricter prior to democracy, especially from neighbouring countries (Facchini et al. 2013; Zuberi 
and Sibanda 2004). The magnitude of these inflows has not gone unnoticed in popular discourse 
around the impact of immigration on the South African labour market; however, there is only 
limited literature that formally considers the labour market effects of immigration in South Africa 
to date. 

International research that considers the performance of immigrants relative to citizens in their 
host country’s labour market typically reveals that immigrants’ position is unfavourable (Bell 1997; 
Chiswick 1978; Clark and Lindley 2009; Euwals et al. 2010; Evans 1987; Hayfron 2001; Lindemann 
and Kogan 2013; Paolo and Raymond 2012). Upon entry to a foreign country, immigrants usually 
face an initial disadvantage compared with native-born individuals (Bell, 1997; Chiswick 1978; 
Euwals et al. 2010) that is partially a result of the immobility of knowledge and skills across 
countries. A limited knowledge of customs, culture, language, employment opportunities, as well 
as firm-specific required skills in the host country can negatively affect immigrants’ assimilation 
into a new labour market. The extent to which immigrants’ performance in the host country’s 
economy improves over time is often attributed to their ability to assimilate into the new labour 
market (Chiswick and Miller 2002; Dustmann and Fabbri 2003; Evans 1987; Shields and Price 
2002). One of most important human capital factors that influences assimilation is that of 
language: immigrants who speak the titular language of their host country are likely to assimilate 
and perform better relative to those who do not (Dustmann and Fabbri 2003; Lindemann and 
Kogan 2013; Paolo and Raymond 2012).  

In South Africa, there are eleven official languages, and despite English being the first language of 
only a minority of citizens, it is the de facto language of business in the country. Research shows 
that individuals who speak English proficiently perform better in the South African labour market 
than those who do not (Cornwell and Inder 2008; McKenzie and Muller 2017; Posel and Casale 
2011). However, the extant immigrant literature, which, in contrast to much of the international 
literature, reveals that immigrants are more likely to participate and be employed than natives 
(Peters and Sundaram 2015; Zuberi and Sibanda 2004), fails to acknowledge or consider the 
possible effect that speaking English may have on the labour market performance of immigrants 
compared with citizens. Given that immigrants to South Africa are much more likely than locals 
to speak English as either a first or a second language, an interrogation of whether and how 
speaking English affects the labour market performance of immigrants relative to citizens is 
warranted. 

In this paper, we address this knowledge gap by interrogating whether and how speaking English 
affects labour market outcomes for immigrants relative to citizens and, in particular, whether 
immigrants who speak English are advantaged in the South African labour market. Using data 
from the 2011 South African Census, we distinguish between citizens and immigrants, and account 
for whether immigrants and citizens speak English as a first or a second language, or not at all.  
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2 Data and methodology 

The primary data source for this study is the 10 per cent sample1 of the 2011 South African Census, 
which is the most recent census conducted by Statistics South Africa (STATS SA). Prior to the 
advent of democracy in 1994, the reliability of the information collected for the country as a whole 
was disputable. However, since the abolition of apartheid, STATS SA has collected reliable census 
data in 1996, 2001, and most recently in 2011. For the purposes of exploring changes in 
immigration over time, the 10 per cent samples of the 1996 and 2001 census data are also utilized.  

The census captures demographic information about individuals as well as information about their 
households, and a large number of immigrants can be identified, even when working-age and 
population-group restrictions are imposed on the dataset. While the identification of a reasonable 
sample of immigrants is critical for this study, one concern is that the immigrants who respond to 
surveys and whose information is contained in the data used could be more likely to speak English 
and/or to be highly educated compared with immigrants who do not respond (i.e. illegal 
immigrants). This concern may be partially mitigated by the Post Enumeration Survey, conducted 
directly after the census by STATS SA, which aims to address any over and/or undercount of 
individuals (Vermaak and Muller 2019).  

In addition to enabling identification of immigrants, the census collects data on the key explanatory 
variable ‘language’. In the language acquisition section of the questionnaire respondents were asked 
to indicate: ‘What are the two languages that the individual speaks most often within the 
household?’ In response to this question, it is possible to report speaking only one language, in 
which case we term the individual as monolingual.2 Based on the individuals’ responses we 
categorize language into five groups: monolingual English speakers, monolingual non-English 
speakers, bilingual first-language English speakers, bilingual second-language English speakers, 
and bilingual non-English speakers.  

Much of the literature on language emphasizes the importance of language proficiency, rather than 
just speaking ability, so the limited questioning of the census around language (as well as limited 
questioning more generally) does restrict the analysis to some extent. Census data has been used 
in other studies of immigration in South Africa, however, and given the paucity of immigration 
information contained in other national household survey datasets, the census provides the best 
data option for this study.  

We formally investigate the effect of language on labour market success for black African 
immigrants and citizens of working age (15–65 years)3 in South Africa by estimating the following 
equation: 

 

1 Due to dataset size and confidentiality concerns, the complete census data are not released to researchers. The 10 
per cent sample, therefore, is the publicly accessible form of the census data. The dataset contains weights that are 
used to make this sample representative of the population of South Africa. 
2 Note that the survey does not permit individuals to report speaking more than two languages. It is therefore not 
possible to determine whether individuals who are classified as bilingual are actually multilingual (i.e. speaking three 
or more languages). Furthermore, among those classified as bilingual non-English speakers, it is not possible to 
determine whether English is spoken as perhaps a third or fourth language. 
3 The black African population group is South Africa’s largest population group, and immigrants to South Africa are 
also largely of African descent. To ameliorate sample size concerns (particularly in terms of the immigrant–citizen 
comparison), the sample is restricted to Africans only. Furthermore, as the focus is on labour market outcomes, the 
analysis centres on the working-age population. 
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𝑌𝑌𝑖𝑖 = 𝛽𝛽0 + 𝛽𝛽1𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝒊𝒊 + 𝜷𝜷′𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑖𝑖 + 𝜹𝜹′𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝒊𝒊 ∗ 𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑳𝑖𝑖 + 𝜶𝜶′𝑿𝑿𝑖𝑖 + 𝜀𝜀𝑖𝑖  

 

Outcome variables, represented by the variable Yi, are labour force participation (defined using the 
strict definition), employment, and earnings.  

The two main variables of interest of the study are immigrant status (immigi=1 if the individual is 
an immigrant and 0 if s/he is not) and languages spoken (LangCati). The five language categories 
are included in the regressions using four dummy variables, with monolingual non-English 
speakers as the reference category. 

The language variables are also interacted with the immigrant status dummy, resulting in four 
interaction terms that provide the basis for the immigrant–citizen language comparison. Therefore, 
β1 represents the difference in labour market success between immigrants and citizens who are 
monolingual non-English speakers (the language reference category). The vector β′ represents the 
effect of language (relative to monolingual non-English speakers) on the labour market outcomes 
for citizens. The relevant element of β′+δ′ represents the total effect of the relevant language 
combination on immigrants’ labour market success, which also captures the comparison between 
immigrants and citizens in the same language category. 

As presented in the equation, the models also include a standard set of explanatory variables 
typically included in models explaining labour market participation, employment, and earnings. 
These are broadly categorized as human capital variables (age and education controls), marital 
status, selected household composition variables, and, for the employed, selected job 
characteristics. The different language combinations and education levels among immigrants and 
citizens help to account for differences in labour market outcomes and performance while the 
characteristics of the household are included to control for household conditions—penalties or 
incentives—that may affect the performance of immigrants and citizens (Dustmann and Fabbri 
2003; Posel and Casale 2011). Most of the explanatory variables comprise dummy variables and 
are binary in nature; however, some are continuous as shown in Table 1.  

Table 1: Types of explanatory variables 

Dummy variables  Continuous variables  
Immigrant status Age  
Language  Household size 
Education (five categories)a Number of other employed members residing in the 

household 
Marital status (four categories) Number of children (aged<7 years) residing in the 

household 
Sector of employment (three categories, for the 
employed only) 

Duration of residency  

Industry of employment (seven categories, for the 
employed only) 

 

Note: Education is included as categories rather than as continuous years of schooling to allow for varying 
returns to different levels of education, as is standard in the South African labour literature (e.g. Posel and Casale 
2011). 

Source: Authors’ compilation. 

The same set of explanatory variables are used when the dependent variable is labour force 
participation or employment, while sector- and industry-related job characteristics are included 
only when estimating the earnings equation. The different sectors and industries have different 
propensities to employ based on many factors, including language; therefore, their inclusion in the 
model is of essence (Paolo and Raymond 2012). 
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All three labour market outcomes are estimated separately by gender to account for different 
employment propensities, for men and women’s choices, and for differences in the nature of the 
types of jobs men and women occupy. Several unfolding model specifications are used, which 
sequentially include immigrant status and language categories, followed by the language interaction 
variables, and that finally include a full set of control variables. A probit model is used to estimate 
labour force participation and employment, as both of the dependent variables are binary in nature 
(1 if the individual participates or is employed, and 0 if the individual does not participate or is not 
employed). To estimate the earnings equation, an interval regression model is used as the income 
data collected in the census are categorical.  

A key concern in terms of the proposed methods of estimation presented above relates to the 
possible endogeneity of immigrant status. For example, immigrants may enter South Africa with 
confirmed employment, and in addition are unlikely to comprise a random sample of individuals 
from their home countries. As noted by Vermaak and Muller (2019: 4), ‘if immigrants are, on 
average, positively (negatively) selected into the South African labour market then any immigrant 
disadvantage will be understated (overstated)’. Not only is the potential selectivity of immigrants a 
concern, but self-selection into employment may also confound the results, particularly when 
estimating the earnings equation. Unobservable factors that are correlated with employment (such 
as ability and/or motivation) could also be correlated with immigrant status, thereby biasing the 
estimated coefficients not just for immigrant status but also for the language interaction terms. 
Language acquisition may follow from engagement with the labour market, in addition to 
preceding it, which may bias the estimated language effects through bidirectional causality.  

Addressing issues related to selection and endogeneity biases are typically challenging, even more 
so in cross-sectional datasets of limited breadth such as the census. Attempts to control for the 
endogeneity of immigrant status by Vermaak and Muller (2019), who, working with the 2011 
census data, used a combination of individual-level and macroeconomic variables to instrument 
for immigrant status, yielded mixed results.4 Furthermore, their study highlighted that it was not 
possible to also control for selectivity into employment in addition to the endogeneity of 
immigrant status in the earnings estimation. In this study, although no formal attempts are made 
to control for endogeneity or selection in the estimations, the likely bias and the implications for 
the results are highlighted. 

3 Descriptive analysis 

Individuals often immigrate to countries that are economically more advanced, have high 
employment rates, and are more stable than their home country, such as developed and 
industrialized countries (Trebilcock 2003; Zuberi and Sibanda 2004). This renders South Africa a 
very interesting case. Being a developing country and yet the largest economy in Southern Africa, 
individuals from all over the world and especially from neighbouring African countries immigrate 
to South Africa (Facchini et al. 2013). 

One of the longstanding features of South African history is international immigration, especially 
from neighbouring countries. Figure 1 uses the 1996, 2001, and 2011 census data to show the rise 

 

4 In particular, Vermaak and Muller (2019) distinguished between two immigrant groups in their analysis of the labour 
market outcomes for immigrants versus citizens, namely, naturalized immigrants (citizens born abroad) and foreigners. 
Their findings suggested that there may be differences in the direction of the selection effect for the different 
immigrant groups, with foreigners being negatively selected and naturalized citizens being positively selected. 
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in immigration that South Africa has experienced since the abolition of apartheid. The figure 
further shows the total number of immigrants (all race and age groups) and the restricted sample 
of immigrants (black immigrants aged 15–65 years), by gender. 

Figure 1: The immigration trend 

 
Note: The results are weighted. 

Source: Authors’ illustration based on the 1996, 2001, and 2011 South African Census. 

Despite a slight decline in 2001, from 1996 to 2011 the total number of immigrants in South Africa 
almost tripled, from just fewer than 600,000 in 1996 to nearly 1.7 million in 2011. The number of 
black immigrants of working age (who make up roughly 82 per cent of immigrants in South Africa) 
also increased over the period: by almost 36 per cent from 1996 to 2001 and more than 300 per 
cent from 2001 to 2011. This increase may be driven by either economic factors, such as higher 
earnings and employment opportunities (see Borjas 1994; Facchini et al. 2013; Marquez 1997; 
Trebilcock 2003; Zuberi and Sibanda 2004), or non-economic factors, such as racial and cultural 
implications and security (Hainmueller and Hiscox 2007; Mayda 2006). 

In addition, although the black immigrant population consists of mostly males, immigration to 
South Africa has become increasingly feminized, with black female immigration increasing nearly 
five-fold to more than 440,000 in 2011. The rise in female immigration to South Africa is in line 
with international immigration trends, where an increase in women’s immigration has been 
recognized. Likely reasons for this may include a growing demand for immigrant women’s labour 
in destination countries (healthcare, domestic and manufacturing sectors), and the fact that women 
have become independent immigrants and/or primary economic providers. 

Descriptive statistics comparing the sample of working-age black immigrants with citizens by 
gender are shown in Table 2. More detailed descriptive statistics showing the characteristics of the 
respective subsamples of labour force participants and the employed are provided in Appendices 
A and B.  
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Table 2: Sample characteristics 

 Male 
citizen 

Male 
immigrant 

Female 
citizen 

Female 
immigrant 

English first, no second language 0.011 0.027*** 0.012 0.028*** 
 (0.000) (0.001) (0.000) (0.001) 
English first, other second language 0.014 0.094*** 0.015 0.096*** 
 (0.000) (0.001) (0.000) (0.002) 
Other first, English second language 0.325 0.338*** 0.315 0.360*** 
 (0.000) (0.002) (0.000) (0.003) 
Other first, other second language 0.208 0.302*** 0.193 0.263*** 
 (0.000) (0.002) (0.000) (0.002) 
Other first, no second language 0.441 0.240*** 0.466 0.253*** 
 (0.001) (0.002) (0.000) (0.002) 
Age  32.432 31.183*** 33.610 29.810*** 
 (0.013) (0.037) (0.013) (0.046) 
No education 0.062 0.080*** 0.077 0.073*** 
 (0.000) (0.001) (0.000) (0.001) 
Primary education 0.177 0.198*** 0.161 0.168*** 
 (0.000) (0.002) (0.000) (0.002) 
Incomplete secondary education 0.436 0.432* 0.425 0.466*** 
 (0.001) (0.002) (0.000) (0.003) 
Matric 0.262 0.203*** 0.262 0.207*** 
 (0.000) (0.002) (0.000) (0.002) 
Tertiary education 0.063 0.086*** 0.075 0.087*** 
 (0.000) (0.001) (0.000) (0.001) 
Married 0.354 0.537*** 0.360 0.643*** 
 (0.000) (0.002) (0.000) (0.003) 
Widower/widow 0.010 0.004*** 0.045 0.023*** 
 (0.000) (0.000) (0.000) (0.001) 
Divorced 0.013 0.008*** 0.022 0.018*** 
 (0.000) (0.000) (0.000) (0.001) 
Never married 0.623 0.451*** 0.573 0.316*** 
 (0.000) (0.002) (0.000) (0.002) 
Household size 3.095 2.095*** 3.186 2.176*** 
 (0.002) (0.006) (0.002) (0.007) 
No. of young children (age <7 years) in the household  0.627 0.317*** 0.928 0.591*** 
 (0.001) (0.003) (0.001) (0.004) 
No. of other employed members in the household 0.558 0.612*** 0.589 0.740*** 
 (0.001) (0.004) (0.001) (0.004) 
Narrow labour force participation 0.569 0.848*** 0.484 0.656*** 
 (0.001) (0.001) (0.000) (0.002) 
Broad labour force participation 0.664 0.888*** 0.607 0.745*** 
 (0.000) (0.001) (0.000) (0.002) 
Employment (among official labour force participants) 0.682 0.846*** 0.585 0.656*** 
 (0.001) (0.002) (0.001) (0.003) 
Annual income (among the employed) 68,661 48,425*** 59,419 37,700*** 
 (270.712) (587.441) (266.759) (910.220) 
Sample size  983,732 60,179 1,112,027 36,816 
Population size  11,720,997 734,872 12,915,809 437,031 

Notes: Sample is restricted to black Africans aged 15–65 years. The table results are weighted, with robust 
standard errors in parentheses; ***p<0.01, **p<0.05, *p<0.1 for significance test ‘Male immigrant subject to Male 
citizen’ and ‘Female immigrant subject to Female citizen’. Annual income is measured in 2011 prices. 

Source: Authors’ calculations based on the 2011 South African Census. 

The descriptive statistics for the language categories reveal that despite English being the dominant 
language of business in South Africa, it is not the dominant spoken language for African citizens. 
Only 2.5 per cent of monolingual male citizens and less than 3 per cent of monolingual female 
citizens report speaking English as a first language. Substantially more citizens report speaking 
English as a second language (more than 30 per cent of men and of women), but the majority of 
citizens in South Africa are monolingual non-English speakers. More than 44 per cent of male 
citizens and more than 46 per cent of female citizens are reported not to speak English as a first 
language and have no reported second language [see also Posel and Casale (2011), who indicate 
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that most South African citizens speak an official language other than English]. In contrast, both 
male and female immigrants are more likely than citizens to report speaking English as a main 
language—more than 12 per cent of both male and female immigrants speak English as their first 
language. Immigrants are also significantly more likely than citizens to report speaking English as 
a second language: nearly 34 per cent of male immigrants and 36 per cent of female immigrants 
are second-language English speakers. The proportions of male and female immigrants who are 
monolingual but do not speak English are also much lower than for citizens. 

In terms of other characteristics, immigrants tend to be younger than citizens on average. With 
the exception of tertiary education, which a significantly higher proportion of male and female 
immigrants report having completed relative to citizens, the proportions of immigrants within the 
lower educational attainment categories are typically higher than for citizens. More than 70 per 
cent of immigrants have not achieved a matric level of education or higher, compared with less 
than 70 per cent of citizens. A significantly higher percentage of citizens (more than a quarter of 
men and of women) than immigrants (only about one-fifth of immigrant men and women) report 
having completed matric or its equivalent. In addition, immigrants are more likely than citizens to 
be married, while the majority of citizens report having never married. Immigrants typically live in 
smaller households, with fewer young children than citizens, but where the number of other 
household members who are employed is higher, on average, than for citizens.  

The final rows of Table 2 reveal some of the characteristics of immigrants and citizens in terms of 
labour market outcomes. Both the narrow5 and broad6 definitions of labour force participation 
reveal that immigrants are significantly more likely than citizens to participate in South Africa’s 
labour market and that, within the immigrant and citizen subsamples, men are more likely to 
participate than women. The broad definition of labour market participation, for example, shows 
that nearly 85 per cent of male immigrants and almost three-quarters of female immigrants 
participate, compared with two-thirds of male citizens and about 60 per cent of female citizens. 
The problem of discouraged workers among South Africans is also evident in these statistics, as 
the broad rates of labour market participation are much higher relative to the strict participation 
rates for citizens than for immigrants.  

Not only are immigrants more likely to participate than citizens, but immigrants, particularly 
immigrant men, are also more likely to be employed. However, once employed, the average annual 
income for immigrants is much lower than for citizens, with female immigrants receiving the 
lowest income (less than R40,000 per annum), on average. 

4 Regression analysis and results 

To further interrogate labour market outcomes among immigrants and citizens, Table 3 shows 
labour force participation probabilities (marginal effects) by gender.7 Three models are estimated 
for each gender. Model I includes controls for immigrant status and English acquisition levels, 
with no other interaction terms or control variables included. The marginal effects shown in Model 

 

5 Includes individuals who are employed or who are unemployed and have been actively seeking work. 
6 Includes individuals who are employed or who are unemployed and either have been actively seeking work or are 
discouraged seekers. 
7 The labour market estimations are presented here using the strict definition of participation. The results obtained 
using the broad definition of participation are qualitatively similar, although the magnitudes of the marginal effects 
differ. 
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I therefore partially capture the effect of other variables that influence labour force participation, 
but which are not yet accounted for in the model. Model II includes the immigrant–language 
interaction terms in addition to the controls included in Model I, and Model III further includes 
individual and household characteristics. The marginal effects are expected to change in each 
model as the additional factors that influence labour force participation are accounted for. 

Table 3: Probit models for labour force participation 

 Females Males 
 I II III I II III 
Immigrant 0.142*** 0.192*** 0.170*** 0.260*** 0.307*** 0.248*** 
 (0.003) (0.005) (0.006) (0.002) (0.003) (0.004) 
Language effects for all        
 English first, no second language 0.101***   0.073***   
 (0.004)   (0.004)   
 English first, other second language 0.191***   0.152***   
 (0.003)   (0.003)   
 Other first, English second language 0.145***   0.131***   
 (0.001)   (0.001)   
 Other first, other second language 0.121***   0.142***   
 (0.001)   (0.001)   
Language effects for citizens only       
 English first, no second language  0.101*** 0.050***  0.075*** 0.029*** 
  (0.004) (0.005)  (0.004) (0.005) 
 English first, other second language  0.204*** 0.089***  0.177*** 0.068*** 
  (0.004) (0.004)  (0.003) (0.004) 
 Other first, English second language  0.146*** 0.077***  0.133*** 0.069*** 
  (0.001) (0.001)  (0.001) (0.001) 
 Other first, other second language  0.123*** 0.084***  0.144*** 0.090*** 
  (0.001) (0.001)  (0.001) (0.001) 
Language effects for immigrants only       
 English first, no second language  0.065*** −0.070***  −0.001 −0.115*** 
  (0.017) (0.019)  (0.015) (0.018) 
 English first, other second language  0.077*** −0.071***  −0.011 −0.145*** 
  (0.010) (0.011)  (0.009) (0.010) 
 Other first, English second language  0.091*** 0.003  0.036*** −0.051*** 
  (0.007) (0.008)  (0.006) (0.007) 
 Other first, other second language  0.040*** 0.028***  0.057*** 0.039*** 
  (0.007) (0.008)  (0.006) (0.008) 
Immigrants’ duration of residence   0.000   0.000** 
   (0.000)   (0.000) 
Primary education   0.093***   0.089*** 
   (0.002)   (0.002) 
Incomplete secondary education   0.168***   0.132*** 
   (0.002)   (0.002) 
Matric   0.266***   0.212*** 
   (0.002)   (0.002) 
Tertiary education   0.378***   0.241*** 
   (0.002)   (0.002) 
Age    0.082***   0.086*** 
   (0.000)   (0.000) 
Age squared    −0.001***   −0.001*** 
   (0.000)   (0.000) 
Married   −0.036***   0.157*** 
   (0.001)   (0.001) 
Widower/widow   −0.011***   0.061*** 
   (0.003)   (0.005) 
Divorced   0.075***   0.039*** 
   (0.004)   (0.005) 
Household size   −0.032***   −0.045*** 
   (0.000)   (0.000) 
No. of young children in the household   −0.020***   −0.018*** 
   (0.001)   (0.001) 
No. of other employed in the household   0.103***   0.112*** 
   (0.001)   (0.001) 
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Sample 1,156,307 1,156,307 1,151,294 1,051,571 1,051,571 1,046,476 
Pseudo R2 0.0165 0.0167 0.1569 0.0290 0.0293 0.2163 

Notes: Sample is restricted to black Africans aged 15–65 years. The results are weighted, with robust standard 
errors in parentheses; ***p<0.01, **p<0.05, *p<0.1 for significance levels. Reference categories: citizens, another 
first and no second language, no schooling, and never married. 

Source: Authors’ calculations based on the 2011 South African Census.  

Across all specifications, both female and male immigrants are significantly more likely to 
participate in the labour force than female and male citizens, in the base category. In Model I, all 
of the language categories have positive and significant effects. This suggests that, irrespective of 
immigrant status, women and men with any language combination are more likely to participate in 
the labour force than monolingual non-English speakers. For example, bilingual women who 
speak English as a first language are, on average, 19.1 per cent more likely to participate than 
monolingual women who do not speak English, after controlling for immigrant status. In addition, 
the effects of language on participation are larger for women than for men. Part of these 
participation advantages, however, are likely the result of not having controlled for other correlates 
associated with labour market participation in this specification.  

Model II includes the interaction terms for immigrants and language acquisition levels. Here, the 
effect of the language dummy variables is interpreted exclusively for citizens, while the language 
effect for immigrants is given by β′+δ′. To ease the viewing and interpretation of the results, the 
relevant coefficients for immigrants have been summed and converted into marginal effects 
(displayed in Table 3 as ‘Language effects for immigrants only’).  

For citizens, all language groups are more likely to participate than monolingual non-English 
speakers. Relative to the reference group, bilingual citizens who speak English as a first language 
have the highest participation probability. English as a second language has the second largest 
effect for women and the third largest effect for men. Among immigrants, speaking English as a 
second language is most beneficial for women. The language effects are mostly smaller and less 
significant for immigrant men than for immigrant women. For both men and women, the 
participation benefit of speaking English is lower for immigrants than for citizens, especially 
among men. However, immigrants retain an average participation advantage. 

Model III includes the full complement of control variables. It shows that immigrants, irrespective 
of gender, retain a significantly higher probability of participating in the labour force compared 
with citizens, even after controlling for their observable characteristics. This difference may be 
explained by immigrants having less access than citizens to sources of financial support outside of 
the labour market, such as government grants and extended family resources. In addition, it may 
reflect a reverse causality in that participating in the labour market is the reason that immigrants 
come to South Africa. Male immigrants have a larger participation advantage over citizens than 
female immigrants. The language effects for citizens are smaller in magnitude compared with 
Model II, suggesting that citizens’ language skills are positively correlated with other characteristics 
that enhance participation. For immigrants, this correlation and decline in the marginal effects is 
much larger than for citizens, such that the language effects are mostly negative or insignificant.  

Comparing English acquisition levels only, the results reveal that each acquisition level has a larger 
positive impact for citizens’ participation probability than immigrants’ participation probability. 
Among immigrants, irrespective of gender, the impact of English on the participation probability 
is smaller (or more negative) for individuals who speak English as a first language relative to those 
who speak it as a second language. The differences in the language combination effects will be 
discussed in more detail in the later models.  
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In terms of the other correlates included in Model III, the results for the duration of residency, 
which is used as a proxy for assimilation in the host country’s labour market, shows that, on 
average, the longer immigrants reside in South Africa the higher is their probability of participating 
in the labour force. However, these effects are very small, and are only significant for immigrant 
males.  

In terms of education, as both females and males achieve higher education levels, ceteris paribus, 
their probability of participating in the labour force increases. This occurs particularly for tertiary 
education: females with tertiary education, for instance, are almost 40 per cent more likely to 
participate in the labour force than those with no schooling, ceteris paribus. The participation 
probabilities are lower for males than for females at all education levels. Table 3 also displays a 
non-linear relationship, for both females and males, between labour force participation and age: 
as age increases the probability of participating in the labour force increases, but at a decreasing 
rate, suggestive of an inverted U-shaped relationship.  

Females who are married or widowed are less likely to be active in the labour force than those who 
have never married, while females who are divorced and men in all marital status categories are 
more likely to participate in the labour force than those who have never married. Moreover, when 
looking at household characteristics, having more children within the household specifically and 
larger households in general affect both female and male labour force participation negatively. 
However, having more employed members in the household raises both female and male labour 
force participation, perhaps through providing motivation and communicating knowledge of job 
opportunities. 

The findings thus far show that black African immigrants in South Africa aged 15–65 years have 
a higher probability of participating in the labour force than citizens, which is similar to findings 
of other South African studies (Peters and Sundaram 2015; Zuberi and Sibanda 2004). 
Furthermore, the ability to speak English as either a first or a second language—without 
accounting for citizenship—positively affects an individual’s labour market participation. 

To address specifically the role played by the English language in influencing the probability of 
finding employment, the estimating sample was restricted to black African labour force 
participants of working age. Restricting the sample to labour market participants only may result 
in sample selection bias, however. Therefore, the results shown in Table 4, which presents the 
employment probability for females and males on the basis of language and other characteristics, 
should be interpreted as conditional on someone having entered the labour market.  

Table 4: Probit models for employment 

 Females Males 
 I II III I II III 
Immigrant 0.049*** 0.051*** 0.087*** 0.152*** 0.167*** 0.131*** 
 (0.003) (0.006) (0.007) (0.002) (0.003) (0.004) 
Language effects for all        
 English first, no second language 0.111***   0.072***   
 (0.005)   (0.005)   
 English first, other second language 0.201***   0.144***   
 (0.004)   (0.003)   
 Other first, English second language 0.097***   0.068***   
 (0.001)   (0.001)   
 Other first, other second language 0.055***   0.069***   
 (0.002)   (0.001)   
Language effects for citizens only        
 English first, no second language  0.104*** 0.071***  0.067*** 0.032*** 
  (0.006) (0.006)  (0.005) (0.006) 
 English first, other second language  0.204*** 0.124***  0.148*** 0.074*** 
  (0.004) (0.005)  (0.004) (0.005) 
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 Other first, English second language  0.096*** 0.056***  0.067*** 0.032*** 
  (0.002) (0.002)  (0.001) (0.001) 
 Other first, other second language  0.058*** 0.028***  0.073*** 0.037*** 
  (0.002) (0.002)  (0.002) (0.002) 
Language effects for immigrants only       
 English first, no second language  0.180*** 0.088***  0.097*** 0.033** 
  (0.017) (0.022)  (0.013) (0.016) 
 English first, other second language  0.187*** 0.092***  0.118*** 0.049*** 
  (0.010) (0.013)  (0.008) (0.010) 
 Other first, English second language  0.121*** 0.079***  0.071*** 0.027*** 
  (0.008) (0.009)  (0.006) (0.006) 
 Other first, other second language  0.015 0.023**  0.011* 0.009 
  (0.009) (0.010)  (0.006) (0.006) 
Immigrants' duration of residence   0.000   0.000*** 
   (0.000)   (0.000) 
Primary education   −0.002   −0.016*** 
   (0.004)   (0.003) 
Incomplete secondary education   0.001   −0.011*** 
   (0.003)   (0.003) 
Matric   0.100***   0.057*** 
   (0.003)   (0.003) 
Tertiary education   0.283***   0.158*** 
   (0.003)   (0.003) 
Age    0.037***   0.028*** 
   (0.000)   (0.000) 
Age squared    −0.000***   −0.000*** 
   (0.000)   (0.000) 
Married   −0.058***   0.180*** 
   (0.002)   (0.001) 
Widower/widow   0.015***   0.101*** 
   (0.004)   (0.005) 
Divorced   0.063***   0.031*** 
   (0.004)   (0.005) 
Household size   −0.055***   −0.065*** 
   (0.001)   (0.000) 
No. of young children in the household   −0.037***   −0.007*** 
   (0.001)   (0.001) 
No. of other employed in the household   0.150***   0.136*** 
   (0.001)   (0.001) 
Sample 562,659 562,659 559,751 609,405 609,405 605,823 
Pseudo R2 0.0082 0.0083 0.1455 0.0145 0.0148 0.1526 

Notes: Sample is restricted to black Africans aged 15–65 years, who participate in the labour market (using the 
narrow definition). The table results are weighted, with standard errors in parentheses; ***p<0.01, **p<0.05, 
*p<0.1 for significance level. Reference categories: citizens, other first language and no second language, no 
schooling, and never married. 

Source: Authors’ calculations based on the 2011 South African Census. 

Similar to other South African studies, Table 4 shows that both male and female immigrants are 
more likely to be employed than citizens (Peters and Sundaram 2015; Zuberi and Sibanda 2004). 
Model I also shows the positive impact of speaking English on employment for both immigrants 
and citizens irrespective of gender. 

For citizens, the disaggregated language effects in Model II differ only marginally from the 
aggregate effects for the full sample in Model I. Bilinguals with English as a first language are the 
most likely group of citizens to be employed. Bilingual citizens with English as a second language 
benefit almost as much as monolingual English speakers, and the language effects are mostly larger 
for female citizens than for male citizens. Among immigrants, Model II shows that first-language 
English speakers—monolingual or bilingual—are the most likely to be employed relative to the 
other language groups. However, similarly to citizens, the language effects are larger for female 
immigrants than for male immigrants. In Model III, when controlling for other characteristics, the 
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effect of language on the probability of employment declines for all immigrants and citizens but 
remains positive and significant.  

When comparing the language effects between citizens and immigrants in the full specification, 
Table 4 shows that most English-language categories are more influential among female 
immigrants than among female citizens. Comparing immigrants and citizens within a language 
group, female immigrants are at the greatest employment advantage when they speak English as a 
second language. These female immigrants have a 2.3 percentage point greater marginal effect of 
language than female citizens (7.9 per cent versus 5.6 per cent), in addition to the base immigrant 
effect of 8.7 per cent. For males, the base immigrant effect is larger than for females, but the 
language benefits are smaller. 

Male immigrants are at the greatest employment advantage relative to citizens when they are 
monolingual English speakers or second-language English speakers. The higher employment 
probability that immigrants gain by speaking English, the dominant language of business of the 
country, is similar to what other studies have found (Dustmann and Fabbri 2003; Lindemann and 
Kogan 2013; Paolo and Raymond 2012). Speaking English in South Africa enables immigrants to 
communicate with citizens, be exposed to various employment opportunities, and understand and 
engage with employers’ requirements. The likelihood of missing these opportunities and benefits 
increases when immigrants are not able to speak English. 

The importance of speaking English for gaining employment stems from the fact that most job 
sectors (formal sector and private households) and industries (community, social, and personal 
services; wholesale and retail) where immigrants may find employment require a minimum level 
of English proficiency (Lindemann and Kogan 2013). In addition, the larger language effects for 
women than for men, regardless of immigrant status, speak to the types of jobs that women 
typically access which are often in the service sector. 

As mentioned earlier in Section 2, Table 4 uses the same set of control variables as in Table 3. The 
remainder of Table 4 further shows that higher levels of education improve the individual’s 
chances of being employed at the matric and/or tertiary education level. Age, marital status, 
immigrants’ duration of residency, and the selected household characteristics follow similar 
patterns as in Table 3. However, Table 4 shows that having more employed members in the 
household has a larger effect on the individual’s probability to be employed than to participate. 
This may be the result of the greater exposure to employment opportunities and greater networks 
(Evans 1987). 

Thus far, immigrants have been shown to be in an advantageous position in the South African 
labour market relative to citizens. The findings reveal that immigrants and citizens who speak 
English—conditional on other factors—have significantly higher probabilities of working in the 
South African labour market. Immigrants are more likely to be economically active and obtain 
employment than citizens in the same English-language group. This finding may partly reflect that 
immigrants have a higher propensity to accept any job opportunity offered to them independent 
of pay considerations. The composition of the English-language group (i.e. English as a 
first/second language) affects the participation and employment probabilities differently by 
gender. Both female and male immigrants have the greatest participation advantage over citizens 
when they are second-language English speakers; for employment, however, male immigrants 
benefit most if they are monolingual English speakers while females benefit most as second-
language English speakers relative to citizens. In general, language plays a stronger role in providing 
access to the labour market for women than for men, particularly for employment. This suggests 
that there are differences in the importance of language to the types of work that women and men 
access.  
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With the aim of investigating the last labour market channel, Table 5 estimates the level of income 
for employed individuals using an interval regression model. This table includes a fourth 
specification, Model IV, in which employment characteristics (sector and industry) are added to 
the previous control variables, as they are expected to affect the level of income earned by 
individuals. As was the case previously, these results should be interpreted conditional on 
participation and finding employment. In contrast to data in Tables 3 and 4, immigrants perform 
worse than citizens in Model I. The average immigrant income penalty is very large for females, 
but much smaller for males, which confirms the low average annual earnings that immigrants enjoy 
relative to citizens as displayed in Table 2. This suggests that part of the explanation for immigrants 
having a greater propensity to be employed than citizens, as shown in Table 4, is that immigrants 
may be more willing to accept low-paying jobs than citizens.  

Appendix Table B1 presents descriptive statistics including the sector in which female and male 
citizens and immigrants work, illustrating the different quality of jobs that these groups access. 
Citizens of both genders are much more likely than immigrants to work in the formal sector, with 
a higher proportion of men than women having formal sector jobs. Immigrants are more likely 
than citizens to work in the informal sector, which is especially low paying for women. Formal 
sector jobs are less precarious than other sectors, and more likely to be associated with non-wage 
benefits in addition to higher wages, indicating that citizens on average work in better-quality jobs 
than immigrants.  

However, Table 5 shows that after disaggregating the language effects and controlling for personal 
and job characteristics, immigrants earn more than citizens in the base language group (the 
immigrant status effect), ceteris paribus. This implies that, within a given job category and education 
level, immigrants in the language reference group outperform citizens. This finding of an income 
premium to immigrants is in contrast to many international studies (Bell 1997; Chiswick 1978).  

Table 5: Interval regressions for annual earnings 

 Females Males 
 I II III IV I II III IV 
         
Immigrant −0.506*** −0.419*** 0.287*** 0.283*** −0.038*** 0.095*** 0.435*** 0.451*** 
 (0.029) (0.065) (0.067) (0.067) (0.013) (0.028) (0.028) (0.029) 
Language effects 
for all 

        

 English first, no 
second language 

0.822***    0.642***    

 (0.060)    (0.048)    
 English first, 
other second 
language 

1.364***    1.028***    

 (0.039)    (0.031)    
 Other first, 
English second 
language 

0.916***    0.616***    

 (0.015)    (0.012)    
 Other first, other 
second language 

0.289***    0.270***    

 (0.018)    (0.013)    
Language effects 
for citizens only 

        

 English first, no 
second language 

 0.744*** 0.299*** 0.309***  0.637*** 0.287*** 0.295*** 

  (0.064) (0.061) (0.061)  (0.056) (0.052) (0.053) 
 English first, 
other second 
language 

 1.416*** 0.653*** 0.656***  1.087*** 0.477*** 0.473*** 

  (0.043) (0.041) (0.041)  (0.040) (0.037) (0.038) 
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 Other first, 
English second 
language 

 0.914*** 0.463*** 0.464***  0.624*** 0.323*** 0.326*** 

  (0.015) (0.015) (0.015)  (0.013) (0.012) (0.012) 
 Other first, other 
second language 

 0.302*** 0.243*** 0.240***  0.290*** 0.196*** 0.194*** 

  (0.018) (0.017) (0.017)  (0.014) (0.013) (0.013) 
Language effects 
for immigrants 
only 

        

 English first, no 
second language 

 1.362*** 0.259 0.278*  0.568*** −0.168* -0.151* 

  (0.163) (0.162) (0.162)  (0.088) (0.087) (0.088) 
 English first, 
other second 
language 

 1.088*** 0.081 0.077  0.814*** −0.045 0.005 

  (0.107) (0.106) (0.107)  (0.049) (0.049) (0.050) 
 Other first, 
English second 
language 

 0.906*** 0.379*** 0.373***  0.501*** 0.075** 0.105*** 

  (0.076) (0.077) (0.078)  (0.033) (0.033) (0.034) 
 Other first, other 
second language 

 0.014 0.097 0.074  0.068** 0.030 0.034 

  (0.087) (0.088) (0.089)  (0.034) (0.034) (0.035) 
Immigrants’ 
duration of 
residence 

  0.000 0.000   0.000* 0.000* 

   (0.000) (0.000)   (0.000) (0.000) 
Primary education   0.198*** 0.204***   0.085*** 0.080*** 
   (0.035) (0.035)   (0.024) (0.024) 
Incomplete 
secondary 
education 

  0.760*** 0.777***   0.551*** 0.551*** 

   (0.033) (0.033)   (0.023) (0.023) 
Matric   1.778*** 1.814***   1.187*** 1.187*** 
   (0.033) (0.034)   (0.023) (0.024) 
Tertiary education   3.305*** 3.357***   2.337*** 2.340*** 
   (0.033) (0.034)   (0.025) (0.026) 
Age    0.273*** 0.273***   0.209*** 0.211*** 
   (0.004) (0.004)   (0.004) (0.004) 
Age squared   −0.003*** −0.003***   −0.002*** −0.002*** 
   (0.000) (0.000)   (0.000) (0.000) 
Married   −0.080*** −0.073***   0.692*** 0.688*** 
   (0.013) (0.013)   (0.011) (0.011) 
Widower/widow   0.096*** 0.107***   0.419*** 0.420*** 
   (0.026) (0.027)   (0.045) (0.046) 
Divorced   0.203*** 0.205***   0.076* 0.076* 
   (0.028) (0.028)   (0.042) (0.042) 
Household size   −0.081*** −0.079***   −0.135*** −0.138*** 
   (0.005) (0.005)   (0.005) (0.005) 
No. of young 
children in the 
household 

  −0.251*** −0.248***   −0.142*** −0.139*** 

   (0.008) (0.008)   (0.007) (0.007) 
No. of other 
employed in the 
household 

  −0.125*** −0.126***   −0.063*** −0.064*** 

   (0.010) (0.010)   (0.008) (0.008) 
Formal sector    −0.195***    0.179*** 
    (0.016)    (0.014) 
Informal sector    −0.284***    −0.017 
    (0.022)    (0.018) 
Agriculture, 
forestry, and 
fishing 

   0.269***    0.216*** 

    (0.030)    (0.020) 
Mining    0.225***    0.637*** 
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    (0.049)    (0.021) 
Manufacturing    0.034    0.148*** 
    (0.026)    (0.017) 
Infrastructure    −0.175***    −0.030* 
    (0.031)    (0.017) 
Wholesale and 
retail 

   0.021    −0.007 

    (0.016)    (0.014) 
Financial, 
insurance, real 
estate, and 
business 

   0.088***    0.053*** 

    (0.020)    (0.016) 
Sample 317,254 317,254 315,415 309,313 407,594 407,594 404,947 394,284 
Wald χ2 4,636.61 4,679.77 52,569.48 52,860.04 3,370.43 3,443.24 44,220.84 46,323.30 

Notes: Sample is restricted to employed black Africans aged 15–65 years. The table results are weighted, with 
standard errors in parentheses; ***p<0.01, **p<0.05, *p<0.1. Reference categories: citizens, other first language 
and no second language, no schooling, never married, private household sector, and community, social, and 
personal services industry. 

Source: Authors’ calculations based on the 2011 South African Census. 

In Model I, speaking any language combination is positively associated with income from 
employment, for females and males, compared with monolingual non-English and after 
controlling for immigrant status. The largest premium accrues to bilinguals with English as a first 
language. The role of language for citizens remains similar when disaggregating the language effects 
by citizenship status. In Model II, the language effects are smaller for male immigrants than for 
male citizens but remain positive and significant. For female immigrants, all English-language 
groups receive an income premium, which is largest for monolinguals. In Models III and IV, the 
language effects decline for all groups as other characteristics that explain income (and are 
correlated with language) are included. For immigrants, the largest income premium is earned by 
second-language English speakers, with females benefitting more from language than males in 
both citizenship categories.  

Analysing the effect of the various English-language groups, Table 5 shows that the key language 
group—irrespective of gender—that is beneficial for immigrants’ earnings is English being a 
second language. The findings in Models III and IV for both genders and irrespective of 
citizenship not only show the importance of English in influencing the individual’s level of 
earnings, but also indicate that English is more influential for earnings than for labour market 
participation and employment, as also found by Posel and Casale (2011).  

Although, in the initial specification (Model I), immigrants in the base language group earn less 
than citizens, the later models show that this can be attributed to immigrants having characteristics 
that are less highly rewarded in the labour market, and working in poorer-quality jobs, than citizens. 
There are several plausible reasons for why immigrants may work in low-quality jobs. First, they 
may have less access than citizens to sources of financial support outside the labour market, such 
as government grants and assistance from extended family members. They may therefore have 
lower reservation wages than citizens and be willing to accept lower wage offers. Second, 
employers may prefer to hire citizens for high-quality jobs, due to employment equity requirements 
that prioritize South African candidates or due to immigrant difficulties in securing work permits, 
but may be willing to employ immigrants in low-paying jobs. Third, most of the employed in South 
Africa find work through social networks (Posel et al. 2014). The networks that immigrants access 
may contain information about poorer-quality jobs than the networks that citizens access. 

After controlling for individual characteristics and job type, immigrants in the language reference 
group earn a premium, which has the effect of raising the incomes of all immigrants relative to 
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citizens. For male immigrants, this premium is partially offset because they are less rewarded for 
language than citizens. Female immigrants who are monolingual or second-language English 
speakers receive the same language benefits as citizens,8 and thus retain their full immigrant income 
premium. Female immigrants who are first-language English speakers (monolingual) or second-
language English speakers therefore earn more than female citizens in the analogous English 
category. Among the English-language categories, male immigrants earn more than male citizens.  

For both gender regressions, the results in Table 5 show that age, marital status, and immigrants’ 
duration of residence follow similar patterns as in the previous tables (i.e. Tables 3 and 4). Higher 
levels of education are associated with higher incomes, across all education levels. Moreover, 
education impacts the level of earnings for females more than for males.  

Like in Tables 3 and 4, income is lower in larger households with more children within the 
household. However, having more employed members within the household also negatively 
affects the individual’s level of earnings. On average, females who are employed within the formal 
and informal sectors earn less than females who are employed within private households. This 
may be in part because of the existence of a minimum wage for domestic work, but the private 
household sector also includes jobs at any occupational level that are located in private households. 
Moreover, Table 5 indicates that males who work within the formal sector tend to have higher 
earnings, and those in the informal sector have lower earnings, than others who work within 
private households.  

Females who are employed within all industries, except for infrastructure, earn more than those 
who are employed within the community, social, and personal services industry, which is the modal 
industry for women (see Appendix Table B1). The pattern of the relationship between industry 
and the level of earnings is similar between genders, although the magnitudes of the industry wage 
differentials differ. The findings for the control variables in the earnings model are typically in line 
with the results of such models for South Africa. 

5 Discussion of immigrant–citizen comparisons 

Tables 3–5 have illustrated differences in the role of language for immigrants and for citizens. 
However, the results presented in these tables showed the immigrant effect and the language effect 
separately. The results for the overall immigrant–citizen comparison, consisting of both the 
language effect and the immigrant status effect, are summarized in Table 6, The table shows the 
marginal effect of immigrant status on each labour market outcome, for individuals in each 
language group, using the full model specification. For labour force participation and employment, 
the values show the difference in the predicted probability of the outcome between immigrants 
and citizens in the given language group; for income, the values show the proportional difference 
in predicted income between immigrants and citizens in the given language group. 

Immigrants significantly outperform citizens in terms of access to the labour market within every 
language group after controlling for all the variables presented in Section 4, as illustrated in Table 
6. Among the English-language categories, speaking English as a second language is most 
beneficial in raising immigrants’ participation and employment compared with citizens. For 

 

8 The difference between the language effects is not statistically significant for these groups. 
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example, bilingual female immigrants who speak English as their second language are 9.2 per cent 
more likely to be employed than female citizens in the same language category, ceteris paribus.  

Table 6: Difference in predicted outcome between immigrants and citizens 

 Females Males 
 LFP EMP INC LFP EMP INC 
English first, no second language 0.045*** 0.086*** 0.286 0.115*** 0.119*** 0.004 
English first, other second language 0.011 0.042*** -0.256*** 0.060*** 0.090*** -0.017 
Other first, English second language 0.083*** 0.092*** 0.211*** 0.126*** 0.115*** 0.257*** 
Other first, other second language 0.097*** 0.071*** 0.124* 0.166*** 0.098*** 0.337*** 
Other first, no second language 0.145*** 0.077*** 0.327*** 0.215*** 0.125*** 0.569*** 
Sample 1,151,294 559,751 309,313 1,046,476 605,823 394,284 

Notes: Sample is restricted to employed black Africans aged 15–65 years. The values displayed are the marginal 
effects of immigrant status within each language group calculated using the Stata ‘margins’ command. The final 
model specification was used for each outcome. ***p<0.01, **p<0.05, *p<0.1. 

Source: Authors’ calculations based on the 2011 South African Census. 

Among the English-language categories, only immigrants who have English as a second language 
earn significantly more than similar citizens, by more than 20 per cent. English monolingual 
immigrants—irrespective of gender—are more likely to participate and be employed relative to 
citizens; however, their earnings are not affected by being in that language group. 

Immigrants also outperform citizens in the non-English-language categories, across all labour 
market outcomes. Immigrants, especially those from neighbouring countries, may speak official 
South African languages other than English,9 hence they may access employment opportunities in 
those languages. In addition, those who speak two non-English languages may speak English as a 
third language, but this information is not collected in the census data. 

As presented in Section 4, the role of language in influencing labour market success was shown to 
be larger for women than for men. This may be the result of the different sectors and industries 
that women occupy (see Appendix Table B1). They mostly work within the ‘wholesale and retail’ 
and service industries, such as domestic work, childcare, and salespersons, where these type of 
jobs require good language skills. On the other hand, the type of jobs that men occupy require 
relatively less language skills and more physical skills, such as logistics work, inventory monitoring, 
and loading and offloading of goods, for example.  

Although the language benefits were higher for female immigrants than for male immigrants, Table 
6 shows that once incorporating the overall advantage that immigrants experience in South Africa’s 
labour market, male immigrants tend to be more successful in the labour market than male citizens 
and female immigrants more than female citizens. Male immigrants were also relatively more 
successful than female immigrants. 

The study further shows that among the English-language groups, English as a second language is 
most influential for immigrants’ labour market participation, employment, and earnings.10 
Monolingual English speakers followed by bilinguals who speak English as a second language are 
also more successful than citizens in the labour market. The study further shows that immigrants 

 

9 For example, Zimbabwe shares six official languages with South Africa.  
10 Speaking English as a first language is uncommon in the African race group, as shown in Appendices A and B. For 
immigrants, being first-language English speakers is strongly associated with high levels of education. Therefore, the 
independent labour market benefit of English as a first language for immigrants may be smaller than for second-
language speakers, after isolating the effect of education. 
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outperform citizens even when both groups do not speak English either as a first or as a second 
language. This may reflect that immigrants have greater proficiency than citizens in a third 
language, although it is not possible to explore such multilingualism using the census, which 
collects data on two spoken languages. However, this effect may also reflect other limitations of 
this study. If immigrants are a positively selected sample from their home countries, they may 
outperform citizens at any given set of observable characteristics, although Vermaak and Muller 
(2019) find limited evidence of positive selection. Rather, foreigners may be pushed to migrate to 
South Africa, which suggest that their labour market performance may be underestimated. 
Immigrants may also self-select into employment at a greater rate than citizens, by being more 
willing to accept low-paying jobs, and therefore have better participation and employment 
outcomes than citizens across all language groups. This study shows how language helps to explain 
why some immigrants perform better than others, but it cannot completely account for South 
Africa’s unusual phenomenon of immigrants being more successful in the labour market than 
citizens. 

The census is the only data source with the required information and sufficiently large sample to 
analyse the role of language and immigrant status in South Africa’s labour market. However, this 
paper acknowledges a number of limitations that arise from the analysis of these data. The 
proficiency aspects of language are not analysed in the study as a result of how the language data 
were collected, where individuals were only asked to specify the two languages they speak most 
often. The results are potentially affected by endogeneity regarding the language variable, in 
addition to the immigrants’ selectivity issue. Furthermore, sample selection bias may occur as the 
sample analysis is narrowed to labour force participants and further to employed individuals. 
However, due to the limited number of variables available in the census data it is impossible to 
identify appropriate instruments to instrument for the endogeneity of immigrant status or find 
exclusion restrictions that separate the outcome equations from the selection equations in order 
to account for selection bias. As it is not possible to address these potential issues, the employment 
and income results should be interpreted as conditional on labour market participation and 
employment, respectively. 

6 Conclusion 

The main objective of this study was to analyse the effect of language on labour market success in 
a comparative framework between immigrants and citizens in South Africa, using the 10 per cent 
sample of the 2011 South African Census. The existing literature for South Africa explores either 
labour market outcomes between immigrants and citizens or the role of language proficiency in 
the labour market, but no study has combined the two areas of analysis. In addition, this study 
includes the female population, whereas in previous national studies the main focus was on the 
working-age male population. Therefore, the paper highlights gender comparisons between 
immigrants and citizens regarding their labour force participation, employment, and earnings.  

In conclusion, the study reveals South Africa to be, in part, an attractive place for immigrants in 
terms of labour market outcomes. It also highlights the importance of language in influencing 
labour market outcomes, and particularly the role of English. In a country like South Africa, where 
English is effectively the language of business, immigrants who speak English as either a first or a 
second language are advantaged in the labour market, compared with immigrants without English 
and citizens in the same language group. Even after accounting for this differential language effect, 
immigrants retain a general advantage over citizens in the South African labour market. However, 
although language in this study justifies partially the success of immigrants in South Africa, it 
cannot fully explain their extraordinary labour market performance in the country.  
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This paper has shown that one of the reasons why immigrants are more successful than citizens 
in the labour market may be how their ability to speak English is valued. African immigrants are 
more likely than citizens to speak English as a first language, and immigrants in this language group 
are more likely to participate and be employed than citizens. However, they do not earn more after 
controlling for their individual and job characteristics. The largest benefit of speaking English is 
as a second language: immigrants in this category are more successful than citizens across all three 
of the labour market outcomes, even though second-language English is equally common for 
immigrants and citizens. Speaking English as a second language may be more highly valued for 
immigrants than for citizens, perhaps due to unmeasured proficiency. This confirms other South 
African studies, without an immigration focus, that have emphasized the importance of speaking 
English proficiently in the South African labour market (Cornwell and Inder 2008; Deumert et al. 
2005; McKenzie and Muller 2017; Posel and Casale 2011). The present study suggests possible 
implications for South African language policies. The move towards bilingualism in South Africa, 
by supporting African mother tongue education, has been highly encouraged as it influences 
English acquisition skills. However, alongside the policies that support and develop African 
languages, development of the English-language ability, fluency, and literacy among citizens needs 
to be maintained and strengthened. This is highly recommended in order to ensure that future 
labour market entrants are not disadvantaged in the South African labour market. 
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Appendix A Characteristics of labour force participants  

Table A1: The mean of the explanatory variables for labour force participants 

 Male citizen Male immigrant Female citizen Female immigrant 
English first, no second language 0.011 0.026*** 0.012 0.028*** 
 (0.000) (0.001) (0.000) (0.001) 
English first, other second language 0.017 0.091*** 0.019 0.099*** 
 (0.000) (0.001) (0.000) (0.002) 
Other first, English second language 0.359 0.340*** 0.362 0.380*** 
 (0.001) (0.002) (0.001) (0.003) 
Other first, other second language 0.234 0.308*** 0.213 0.258*** 
 (0.001) (0.002) (0.001) (0.003) 
Other first, no second language 0.379 0.235*** 0.394 0.234*** 
 (0.001) (0.002) (0.001) (0.003) 
Age  34.729 31.527*** 34.880 30.449*** 
 (0.015) (0.039) (0.015) (0.054) 
No education 0.048 0.076*** 0.048 0.061*** 
 (0.000) (0.001) (0.000) (0.002) 
Primary education 0.157 0.199*** 0.130 0.158 
 (0.000) (0.002) (0.000) (0.002) 
Incomplete secondary education 0.387 0.436*** 0.373 0.474*** 
 (0.001) (0.002) (0.001) (0.003) 
Matric 0.319 0.202*** 0.325 0.210*** 
 (0.001) (0.002) (0.001) (0.003) 
Tertiary education 0.089 0.087*** 0.124 0.097*** 
 (0.000) (0.001) (0.000) (0.002) 
Married 0.458 0.562*** 0.406 0.622*** 
 (0.001) (0.002) (0.001) (0.003) 
Widower/widow 0.009 0.004*** 0.039 0.025*** 
 (0.000) (0.000) (0.000) (0.001) 
Divorced 0.014 0.008*** 0.028 0.022*** 
 (0.000) (0.000) (0.000) (0.001) 
Never married 0.519 0.426*** 0.526 0.330*** 
 (0.001) (0.002) (0.001) (0.003) 
Household size 2.801 2.030*** 2.986 2.089*** 
 (0.002) (0.006) (0.002) (0.008) 
No. of young children (age <7 years) in the 
household 

0.547 0.307*** 0.826 0.518*** 

 (0.001) (0.003) (0.001) (0.005) 
No. of other employed members in the 
household 

0.610 0.653*** 0.689 0.763*** 

 (0.001) (0.005) (0.001) (0.006) 
Employment status official 0.682 0.846*** 0.585 0.656*** 
 (0.001) (0.002) (0.001) (0.003) 
Sample size 553,392 508,35 534,347 23,985 
Population size  6,674,832 623,384 6,255,088 286,625 

Notes: Sample is restricted to labour force participants who are black Africans aged 15–65 years. The table 
results are weighted, with robust standard errors in parentheses; ***p<0.01, **p<0.05, *p<0.1 for significance test 
‘Male immigrant subject to Male citizen’ and ‘Female immigrant subject to Female citizen’. 

Source: Authors’ calculations based on the 2011 South African Census. 
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Appendix B Characteristics of the employed  

Table B1: The mean of the explanatory variables for the employed 

 Male citizen Male immigrant Female citizen Female immigrant 
English first, no second language 0.011 0.027*** 0.013 0.032*** 
 (0.000) (0.001) (0.000) (0.001) 
English first, other second language 0.020 0.098*** 0.024 0.118*** 
 (0.000) (0.001) (0.000) (0.003) 
Other first, English second language 0.372 0.348*** 0.390 0.406*** 
 (0.001) (0.002) (0.001) (0.004) 
Other first, other second language 0.246 0.303*** 0.216 0.237* 
 (0.001) (0.002) (0.001) (0.004) 
Other first, no second language 0.351 0.224*** 0.357 0.206*** 
 (0.001) (0.002) (0.001) (0.003) 
Age  36.514 31.888*** 37.492 31.495*** 
 (0.018) (0.044) (0.020) (0.070) 
No education 0.050 0.072*** 0.049 0.057*** 
 (0.000) (0.001) (0.000) (0.002) 
Primary education 0.153 0.196*** 0.129 0.144*** 
 (0.001) (0.002) (0.001) (0.003) 
Incomplete secondary education 0.353 0.430*** 0.314 0.455*** 
 (0.001) (0.003) (0.001) (0.004) 
Matric 0.324 0.204*** 0.318 0.217*** 
 (0.001) (0.002) (0.001) (0.003) 
Tertiary education 0.120 0.098*** 0.189 0.127*** 
 (0.001) (0.001) (0.001) (0.003) 
Married 0.554 0.584*** 0.434 0.570*** 
 (0.001) (0.002) (0.001) (0.004) 
Widower/widow 0.010 0.004*** 0.050 0.033*** 
 (0.000) (0.000) (0.000) (0.001) 
Divorced 0.015 0.008*** 0.037 0.029*** 
 (0.000) (0.000) (0.000) (0.001) 
Never married 0.421 0.404*** 0.479 0.368*** 
 (0.001) (0.002) (0.001) (0.004) 
Household size 2.577 1.985*** 2.806 2.035*** 
 (0.003) (0.007) (0.003) (0.011) 
No. of young children (age <7 years) in the 
household 

0.507 0.298*** 0.684 0.439*** 

 (0.001) (0.003) (0.002) (0.006) 
No. of other employed members in the 
household 

0.655 0.698*** 0.771 0.822*** 

 (0.002) (0.006) (0.002) (0.008) 
Formal sector 0.744 0.593*** 0.720 0.550*** 
 (0.001) (0.002) (0.001) (0.004) 
Informal sector 0.143 0.221*** 0.128 0.180*** 
 (0.001) (0.002) (0.001) (0.003) 
Private households 0.113 0.186*** 0.152 0.271*** 
 (0.001) (0.002) (0.001) (0.004) 
Agriculture, forestry, and fishing 0.062 0.078*** 0.044 0.074*** 
 (0.000) (0.001) (0.000) (0.002) 
Mining 0.050 0.053** 0.017 0.013*** 
 (0.000) (0.001) (0.000) (0.001) 
Manufacturing 0.111 0.095*** 0.065 0.057*** 
 (0.001) (0.001) (0.000) (0.002) 
Infrastructure 0.127 0.166*** 0.048 0.036*** 
 (0.001) (0.002) (0.000) (0.002) 
Wholesale and retail 0.237 0.251*** 0.204 0.213** 
 (0.001) (0.002) (0.001) (0.003) 
Financial intermediation, insurance, real 
estate, and business 

0.145 0.136*** 0.118 0.106*** 

 (0.001) (0.002) (0.001) (0.003) 
Community, social, and personal services 0.267 0.221*** 0.504 0.500 
 (0.001) (0.002) (0.001) (0.004) 
Annual income (among the employed) 68,661 48,425*** 59,419 37,700*** 
 (270.712) (587.441) (266.759) (910.220) 
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Sample size 353,736 40,086 294,406 14,480 
Population size 4,286,613 493,843 3,454,914 174,465 

Notes: Sample is restricted to employed individuals who are black Africans aged 15–65 years. The table results 
are weighted, with robust standard errors in parentheses; ***p<0.01, **p<0.05, *p<0.1 for significance test ‘Male 
immigrant subject to Male citizen’ and ‘Female immigrant subject to Female citizen’. 

Source: Authors’ calculations based on the 2011 South African Census. 
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